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53] "eAt AR A4S Es] AR sEe M Al Uig EeS Sl 1

S AR AGE AARIG. 2 dve WA, A deAls 2l AE

27Rsie}, 487 (Recurrent Neural Network, RNN)FE ¥ Q(Embedding)S $J3F

tho]o] ®WlEY AHZKWord to Vector) 7]&, EWAIEH(Transformer) 7+ZF= 83

BERT(Bidirectional Encoder Representations from Transformers)S 713, 1,750% 7H¢]
e E 7R GPT 22 it dojedEse] W Hge Aesha, H2 ME ©

ofoll Apde] Qe Als mEle] &gl st il Sl olfE ARdith

Thero 2 ChatGPT ZFZE|(Promptenoll g=e] w9 1145} diel dAelle 4%

o=x AEE S5 glol® ChaGPTol] HxlHew 2ld nRRl=s 9N

el

o] &= 2023 AR RFAIN) ] AYos HRFAV|EHI] AYE o} FPH
ol (No,2022-0-00621, tha} 7]k AirbsAde HElRG R AFTsk= Q3RS 7|& 7kh

Mgt HebdEuiety WebdR A, ALt

ol A7t HshdEuieY HebAEAA
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1. ZHdo] AFA152 AA

2022 119000 B8 OpenAle] ChaiGPTE Q184S A<iolle] Hool] ik v
e otk AR tekE BAshs ol olxist ulashH s Fobgla, 2
vatE Faeo] QolE ool vaky madl #% Yot mag ol
ST} ChaiGPTe] FE(reasoning)) F&e] 27l F7Htsickes Hel 72 Wk olk
AEAs wHle] 22 Fo| FKel uet, ABAs 1% W Agstay s
A FRIGE NE QIBA e 7R Blse] olele-s AW WA &
oF, @l B Sl U 4ohE Holw gtk FAs slee] WHoE s WE
RopolE £e 57 AFHS BEHES N 5 W © Aolk
ME ok Bglel Waska Wk Rob 3 shielch Al Aleleh we,
4 Fol ASHow grlolEs: 2o BRolw, A8} skl He sk Ao
ool LAlSe] WE BAIZ olo4] uheldt. webd Wzl Rl 44
.

A= ARt thgshs dloll AeAls e 28] A =fe] 2 ZeR oSHt

—

.

e

it

D FEe Aee olid BU ft BEe £2 oujat. ATAee] FEold 2ES AT
7578 2dl(computational model)] 7Hgte]l 8+ FA|o]c}. Ashley, Kevin D., Artificial Intelligence and
Legal Analytics: New Tools for Law Practice in the Digital Age, Cambridge, 2017(o] 2] gl=o] HY]
2o ofg - 4o 2ER O, T BURE T4, ML 2020), pp323,



T2 flojrls &5t 2/2 olel= JHe

lo
rar
o
icl
£
6@
(6]

2. HE 994 AQo] AFAs ZlEo] &2 + = 9y

thtR Aojeel(large Language Model, "LLM")o] 57d3har] thel 2klo] A2] &
AEs siastar 3ok HERokIMRE o FAS £7] fsir Ao dsAls 7]
ol HEEAPE T8 AT tholrt. ofstellM= Al A 9 FAF F Aot
F FF o5 e AR JYATE AEsHIH.

i

L

(1) B A 2 G4 B A7

o] He el Filehe B fARRE BElE Ze e HE R
URbAloAE B agk WHEAR| 2ot o] RE Hloly FolA et HEH o]
7P 45E FeEA A ZAE A7) wiZolt

ge]elr= MsAE 5 FAIE FAE obd W] ANIEe] AES E8staL,
o7} opd 7} m7te] Rmolg E8sh= A7t AXEHALD ol So] “SAF SR AN
Holl thek &S g, g7kl Axd epddd 7 aelel =
oA HRES AlFERE ot} o] ATE o] 7o Ho[HE &-83le] Zriof
HHZEHAA 2dl(Belgian Statutory Article Retrieval Dataset)S T3}t 297}
o, Wrloo] 3278 ME Zwnte] T8IV Wil e WE, wel, ARE FEet
of HAAQl ruls TEakA] gk AL T

FHZoE LM Wolli ghof(Word)S #E|(Vector) 2 H3Fsl= B¢l tholo] W gk
W2("Word to Vector”)3o] o] S8HaL Qlrt. dojo] #E ek WAl =7 Sparse
WA} Dense WA 02 Ut Sparse W12 HE o] 54 thojofo] x| ool thgh
TAE ek Aotk ¥H Dense W42 #E]of] Thojele] FAF ARE FAZ ZHTH
o e ANE G dojote] AHekel dX|HTh= MG dojole] fAde] T T4
SkA ke, Dense BlE A8sk= G750l St

i ‘"ol 7h opd g (Paragraph)& 7IETHIR dh= AFER ZgFolt). o=

2) Antoine Louis and Gerasimos Spanakis, ‘A Statutory Article Retrieval Dataset in French”, arXiv:
2108.11792 [cs.CLI, 2021.

5 wolol ME HHWord (o Vecton) WAL WIS Wl FHSH: BHow, 7} vl e fAbeg
Hlgfslo] s dofe] ou|E gl YatelFolrh. wolo] oml= (0,119 HRAE WAoR ]
ofgic). wkN B ) Wi Aol SAERe Dok Msd olelg AN E 4HS Ske, dof
T A HEElete] dolo] onlele FRE Haa vt o A AR okl 1L 4. 3) FE
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Ao vhre] LM 0] Y B disiA AlRMS FaL 7] wieoltt. 718 ©ele]
HAE i deow Aisial Dense HA1E A8 4%, We HE £AE 94
o2 A8 < g Hoh

AAZ Sparse WA Dense Wale H7FE wll, Dense WS 283 4¢ U 22 4
. 58], dol7t opd 7S V)R R & B AT w) FAl fARRE &
g EEshs dl adelglet. 54 dojunt B3t wA uie] wEks Jlo s 1A
& m) Rk APt =EEY] uizolth s B A el 24 7 oJn] e
M F7H R aEste] AMshs @ele Adshs WA (TeCut WA= AX =L
IS G JYelxst rRIZIAIZ HE E d@ A4 deld= Word to Vector 4

o sk ANANE T FBo| KMl Folch

G2 HE ToH= Ade] Al ZIgo] A8EY] A Zokoltt. 54 Al it
T3 Aol ME HeE] o] 7] wigelth e ATee AREA W
X Bt FF oI5 R skl Slrk

AL Wl ARl YEES BRela, 2 UES 7o) JAES Zskshe Aol &
ARl og AAE. 7]Ee] ARIEA Welld W8-S Hdigk AlRskeliA BAshke
Lo Hlsﬂﬂt e 58S Holi vk oPItE0 Wale TRke R shejay 1ol F
&4 A8 s Fong /e el w3k, AS Adskelr] SAgk A
220 WRe R Al Wella Al 8- ASSHel: e, 2y, Ik, Al 3t

32

4) Sophia Althammer, Sebastian Hofstdtter, Mete Sertkan, Suzan Verberne, Allan Hanbury, “PARM: A
Paragraph Aggregation Retrieval Model for Dense Document-to-Document Retrieval”, arXiv: 2201.01614
[es IR, 2022

5) Ma, Yixiao Ai, Qingyao Wu, Yueyue Shao, Yunqgiu Liu, Yiqun Zhang, Min Ma, Shaoping,
“Incorporating  Retrieval Information into the Truncation of Ranking Lists for Better Legal Search”,
SIGIR '22: Proceedings of the 45th International ACM SIGIR Conference on Research and
Development in Information Retrieval, 2022,

6) 98I (topological learning)& 717l 345 L QAT A5 Hofolr] ARREE goi2, dlolEle] Tz} T
ol -t Sheg ouldiT) ol o)X, 84, HAE § Tl WHlel olEdl 548 FEsa
% e WS el TeAsg ek,

7) Haoxi Zhong, Zhipeng Guo, Cunchao Tu, Chaojun Xiao, Zhiyuan Liu, Maosong Sun, ‘Legal Judgment

Prediction via Topological Learning”, Proceedings of the 2018 Conference on Empirical Methods in
Natural Language Processing, pp. 3540-3549, Brussels, Belgium, Association for Computational
Linguistics, 2018,



.,_
=

D elol2WS #BS 2l olels el B My 7
Wgpo] MPERA| s Aokl AAshs R AAEAL JUTES

3. ISR &Al sldSs g B4 1RRi=
(1) HEA} 252} 2] A(Legal Tech) o}

D2 1= (Legil Mind7h W8 APga Bistol ofud HuE BH0R e ejar)
A Zopt 2 F UeAE WY 8] flete] 9 HEAl o] vkl 25 3
el et e WEARSS] R WA e SZoleke ZWold vk
4HAZ o] R}, 7P WA AW T& EFRE 7155 ¢faLelst [elzt gith), ARtell
A pEas BRe Al AE FASTHels) 2 b, ofF ARIEAoN
Hom AL 2 4 s A AHE FEst(ole) Blolek &b, Z42F A el v 1
B AHE gl AES E=ESH(ols) (42 S,

g2E A Foke WHE APl AS THTAA AAA o5
2 a7lel, 1 2ol Qlo] Slsh e WEA} Rel FREs Ad wasks Ao 7
wRHolkn & 4 ok 7 Fu) eldela oje] RS AAshe WEAY wd
(B2 089 Westlaw Edge, Westlaw Precision, @9k20] A2 £)2 [B1HA71R]

MEAP) RE i $ WRe] 9RE Bt e BRow drka Wi 4 ol

@ @7 whel=e] Qe @ =7

214 npeleel= TS 19339 vl=te] Z#(Fuller)7} s =Rl Sefsh=d] 9
HA A e HA AR ek OE AREE gojolth 53] f-eiuEtellA

8) Yi Feng, Chuanyi Li, Vincent Ng, “Legal Judgment Prediction via Event Extraction with Constraints”,
Proceedings of the 60th Annual Meeting of the Association for Computational Linguistics (Volume 1:
Long Papers), pp. 648-664, Dublin, Ireland, Association for Computational Linguistics, 2022,

9) Fuller, L. L., “The Legal Mind", The Atlantic, 1933, SPH= t&tnl 3}A(Powell) W4+ 196930 =]

Qg3te] 217 wlel=g Wtk gale] s BelE Aol vhal Az 9 of| Aol BelE A
o e A % SlebE, e A RIS 7b Aol ek AEAN, Brorek, Bartos, The
Legal Mind: A New Introduction to Legal Epistemology, Cambridge University Press, 2020; H&3] 1l
F= WZ AlE Fsky el HA 223 JAATE B9y EE QAFsle] whAR ukedEle] Wz
Mg g A Teln el Maeks yA QAR vzl $AT A8st dees .
o] Sl FHd wet WMH AE A FEL gk AlaE BE, HY AE she 2AE A4
25ty il e ARgste] ﬂ’* nRIER FHske AL old HIdke ddd g HeR A
Zreict,
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2Rlo] ZtFofol & 7|RAQ] ko wo] ozt A rielest id 5 gl
Boli= W4 FE(legal reasoning)olt}. WA FE& FE TANE 58] HH =5
S oA HeHor FreA] vehs F2of WHelE], WA FEold Ao
2Rk A% 2 A9 $e7t HWEZAY ARsh] (thinking like a lawyen)2kal g8
Pl SRR TR B SARGAL JAE = k10 2l vijlEs WA Alas
A EIEeA AdAl(body)oll th&dte] AldEo] offolals dY e &2 7lelle
vH(mind)2h= gojoh AAARIE. A Alas WA F22 sk Afals Aoy, ¢
A rRRles WA F28 she vheolklal @ ¢ ek oI WA F20] 7l B %
Solghd v a3 7l e 282 sk SAlolth e Al Eokelld Azshs 7l
AE wREths 22 IREe] Aztel] Tk Fu Al (imitation game)& Zafli= EA31 ol
o]HE(agen)E WFEoUl= 2 SRR olF 2ldHlA Eofll A8 ) A =
I #HE deAls TEs g vRRlER ol Y & i

2l viRI=E 9o o] Aofstar X £ WEARES] AR 4| el waw,
2 rRl=s RIEA AMIEAIE dEete] B AR FE3) 49 M - el w
& A28 3% 2E FHOoE sk ofd Vles sk clolES sk 2
= Hofe] Zleeltt, ol2idt AA - A8 FF Rde JJolR mdH ARIRAE HE
Bol2 AT F e/ EFslierhs AolM 7P G B840 =& Ao 4
et ol ol2fd 5442 FAl e olEiee HolFrle vk

e A - de F2 2] Ui vt U ARle sidshs HaAE Al A
A Hgslrlell oM, 7P ARAR] A AR ids HHo= sfof drk ool wiet

W ATol b 99H WA ARe TS ot AsAIRe 2% & Ut

fr o

10) Schauer, Frederick, Thinking Like a Lawyer: A New Introduction to Legal Reasoning, Harvard
University Press, 2009(] #¢] dl=ro] MR 719 o IS Alushs ¥ H3 32 d&,
=AME9 4, 2019), pp.1-12.

1) ARl TAIZAsY] A, QIRbE thA] 2ok, Folrlel, 2018, 25561, 1A olo|HEE AZs}r]e}
o] Auslap) olele vieel Jeie e EAT Aol Aol Aol EdS) slste] 2R
olE Ay} mjE kHlo] AlRE ot AR E A, e 4] A, 73 A 1A% dAdd J
SHAIARE) AlLds, Ao, 2016, 5-69). AZEHEE 71l tigk 35 WA ¥R 15 AlUE
o Fe doJHEY nhgolehs £018 AN oA ofd dejHEr} AZElEAE s
7S AR, 2 FEE e [FEe w=Re] 1950 A- Ad olgo] ‘Mind'Ehe HE o
A8 Turing, A, M., “Computational Machinery and Intelligence”, Mind, Volume LIX, Issue 236,
1950, pp.433-460)



hitm flolome st 2l olels Jwol HEw Hy 9

(G) WA - FE & 2do /3t A=

& FAs 2 PRIE(AL Legal Mind) FAeld FAIHS ZgaH
13 AANS 2olstal 2ol whe Ad ZAAgs sshe] 2d vikl=
el Awg A8 AEsAARE, el ad A oF T AR - AE F= Bl gk AY
AR, 3] GPT7} n|=e] WS A E(Bar exam)S Gt 2 s dsl==]d] st 23 A}
g5 Bt 2l miel= Foke] ARkl i AwE ofa | 4 St
AR A - A8 F5 Rl 7P e Aaghs Bole A GPTRE w5 W
SAAES sl Almolth12) o] m=FoiE ARl Bl vRRI=E 83ty WS
AR EAE sdstee A FARH GPTZF HSAAR £AIE sidshes aFolaL,
53] GPT-4= &4 <55 Hol 700 o] & BEas HoFlrkaL Awsitt. oA
g oolefdh Aue2 thet 22 olfrold IR AlFS] offr. WA FHA Aldol
the 544 7R FelAlel w3 Awreo] deEbAedl I b 4F gE
ATk EeRRlE iR o]Foixlom X7} X MEE(Human preference) 914 A
A (precision) 1A= HEBEA] oo} AR 70%2] AHE-S Hojrka Falslr] ofHo)
ok ARe wkEAo] v Fadsh, 9 w=EolME 202219 7ol AAE o shue] Al
FAE E7) skolek ool wt i 70% o) e AEES BY Zlolals gl
offt}. ool Hgle] GPTE thE HSAl AS Astal el 23 44 5ol &
X HAe A9ES A5 Bolrlx siitk
A Hof & A - AE F= Rde Ax oAb Aol HeE HxE e
o] o}z glom, I A AR AP HA AHS FHsh= HSA A A1 84
1

sh= Aol vistels o} §4 SFom e vt gk @ 4 ek

n?

(Prompting) H'HE

H

e

nN'

4. 214 vRRI=E YA ditR Qdojrddo] HE A n|A $ & 9%

Ado] olgAise] o] WE A % Wxolel o] 2 vishE e Aol
e Agsitt, A7, HE AT Ae JvHA =7k WrAREEAL S SRl Al
A (eDiscovery), A+ B 2 Hz] 74 (legal search), TAFoN Ak T2l ¥

12) Katz, Daniel Martin and Bommarito, Michael James and Gao, Shang and Arredondo, Pablo, “GPT-4
Passes the Bar Exam’, 2023, Available at SSRN: https://sstn. cony/abstract=4389233
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Aol 2 SelM 7P 2slar avEos ofgd Aolkal ZltiEar ik e

She ot HREES] 2 A wiEAo|a ARE AnARl AYPES At RA ¥
Abso] Bt 713 Sl Aol HEE ¢ Al BEshe o EA 7lEskeE dlel ok
Hze] A5d vlA (intelligent assistants) 2A4] HEHF-2] €84S M7 HE
ATAFe] W el A7 dste] HaAlel AP 2zt n|Z 3P} ODRY]
HEdol 7|tz Il AP HEAE Aashs S92 U] v, ok FE3kt

1 Ae] EAs wele] w34

o)
et

%

L Aol AFA%E WA A0 ol

QRbe] AMEHE Aol AFEOI olslAlzlm, ARE} Astols ZaA Slete
A HARE Qlolgtort, F 7Kg WE Aol AgsaA e Al B89

o}, ofgtellr= Ak} Qe Als Rdo] oA s kAl aElal of Holke W
Eofellie Akde] AeAs 7ol AL =] thelr Argdict. o]zt Apdo] <l
sl WS dobRo2M, HT vdsl SAEe HE EAls AulRe Tle

SIS olsfshz Hl =] E 5 gloelet 7|ttt

T

ol

2. AAoE Al A% 27] 24, £3d3Eee] &

Qe FoE weH o RS 3 Hxof Al 19434, =RfSAR] 9= (Pits)}

Wgeelgl ME =X (McCulloch)9] =2ollA] o] Folxlth. 19 1 5 &4 IeA52] 7]

13) WARREN S, MCCULLOCH AND WALTER PITTS, “A Logical Calculus of Ideas Immanent in Nervous
Activity”, Synthese 162(2):235-250, 1943.
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gkl 1FA17 (Perceptron) 7id-& 19581 2A1E2HE (Rosenblatt)7} F WAL 1982t

A JAFAEE 7|22 AN QIFAFY 27| Bdolg} & 4~ 9l 8 (Recurrent

SN ofe] ATl B9 B AT fAR T2E A, ¢
o ot %9 gol A7 S9H Wi AFAFDIE Ge) 2RI 7 U Gl

et &9 ghol v oY ftelle e AWM ghsge] IS S ME Jude 7t
By

1o
o
av)
<2
i
i
J
off
rir
j)
HN

(03
td
i)
o

Feol "olxltt. ol& 7] & EAl(the

3. 28077 g 2us] A8 1STM 29

A7) 92 BAS AEe AL 199730 Y=ol A7) 719(Long
Short-Term Memory, LSTM)ol2R= 529] 2|29l Al&E-g 717l o] =g 7|& 3l
go) 7H A=<l eAE SHBstarA) ek, LSTM Edolgl Belis o] mde 9]
o|E(Input gate)9} AHA| Ao|E(Forget gate) T25 ol83te] Al ‘(1) Zol7}
2 HelElE g Y, (2) F8% HlofElZ} oF Tel| = Beell ol SHeE 3
oAl 'S skt ISTM Rl 5 7] AC|EE o|g3te] st tlo]e] Foll
A Al Z FFS vAA wpREER] 71Eof & vlofel 9} Aol W @S WA
A gro} SlovEw == dloe' & FRate gahs Walolr), AR Fa3 HlofEle=

AelER, FAK] ojHele B dofH= A Zo|ES S ziesx dolrt

14) Rosenblatt, F., “The perceptron: A probabilistic model for information storage and organization in the
brain”, Psychological Review, 65(6), 386-408, 1958.

15) J.J.HOPFIELD, “Neural networks and physical systems with emergent collective computational abilities”,
Proc, NatLAcad. Sci, USA, Vol.79,pp.2554-2558, 1982,

16) Yoshua Bengio et. al., “Learning Long-Term Dependencies with Gradient Descent is Difficult”, IEEE
Transactions on Neural Networks, Volume: 5, Issue: 2, 1994,

17) Sepp Hochreiter et. al., “long short-term memory”, Neural Computation 9(8):1735-1780, 1997.
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71 HolEn} Fag FEo| ok vl i HolEE U v Adw wEdvie 2w

< 7HA =00t

(azl 1y18)

4, T4 2] o8] dolE Ak 1 33| A Do
WE] A8HWord to Vector) Bdl

(1) o] Yugd(Word embedding) ®H2]

Aol Qlojel Aol AR Euke dHT S glom, Aelo] AI3As-
Aehe Aol] Aotz AFE e ol WK e Bl 4 P
o3 @A) de) AgHT gl e Aeolel Holg FFE} ol 4 Qe W B

= ol 7} wol2 HE] Bkl Ho} Wi

R

ZHVector space) “dof] o

afeleh 3] OS] AgelS v
(2) Z)FAo|Aqt H|A-EZ 2 Ut eI Y(one-hot encoding) HH2]

27] Aol leAls B tolH ] Atk B thole] JigntEe] W A
733 Foll s ©ol SiHlell= 1, UriAle 08 Fofshe 8t <lad WS A=eksd
o dlE 5of ] dA=Hehz dlolel7t "Mtk ekl ofzbd A,
st HEY, R, ek o) ol Aje] dolrt EAslE R, A 11, 0, 0, 0, 012
Fddsar, tigh’= [0, 1, 0, 0, 012 B¥sh= Wolut. o]dt e westal 23
oA, vl wlEEH ol ©ol7k 1,0007] F= Ei= ofF &2 2415 A8l s

18) http://colah. github, io/posts/2015-08-Understanding-LSTMs/
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hitm flolome st 2l olels Jwol HEw Hy 13

1,000 2F42] WE7} o d#]7] ujiEo|t) A7t dojdyE Alabol] Sof7l= vlgo] &
A3 Z7FH == olE 2ol AF(The curse of dimensionality)2}al F-2t},

[«

(3) ol olulg WE F2t Aol FASH: ool wy AF =d

ofF gl lzde] TS HYshs Wd sl wol EE=, Wake] AR
| = 2eo] 20130l B7H¥ whofe] WE g (Word2vec) Ldlo[t}19) whofe] g
g wds vRPEAR Aol HE 33 el Al ATl HE guld gaolA]
ik e 2helS vle] el w2 Fol ©@ofe] ofulE WiE 33t Aol T Sat
A 7R ClE Solr At WebdEtistel olehs dolEE 33k MHE 29
7|2 Aal T Holl ‘A2 0.2, 0,08, 0,112 Fdsk “Hgu’= (0.8, -0.9, 0.1
FHESL S’ 0,79, -0.91, 0.2 FH3h= Wrajolrt. eAJolzl spAJuk, “rhstuo}
‘WEtT e Aol soem R wE] F3h Aol FARE el fAjsles wEE,
whoje] WE] gt wele Algro] A3 fARE WolE visEll kA et vt
el BEA| HlolEl(corpus)7t Folxe o, AsAls Hdo] A AR dols W
B3t ol Al BEEtES syt Bdll 22 B4 "ol A9al, 1 A dol
o Sofd M3t HlolEE dlSshs WAOR Slsgo] ZPH. S Fof “Fgat vzl
ool ( wF AFE @A ol BARRE olE FUAY T vl dEdeR

O

5. dA] Ade] mdle] 7|E X EHMAIXW(Transformer)

(1) o]l M(Attention) 7|2 RE H|EH EdXAEH

) 713 Aol & Aol QB RUE, GPIL} BERT $o] wIEE Al o
g EdAYY 22 FHo] itk 9 EdATH FXE 201799 370 “Attention

19) Tomas Mikolov et. al., “Efficient Estimation of Word Representations in Vector Space”, arXiv:
1301.3781 [cs.CLI, 2013,
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Is All You Need'2h= SA128] =200l HIZHIT:, =29 AlFoddRe & F %
o] ERAYH Fx= ofgliolehs 7ME viReR weoixl=d], o] okl 7 A}
o] mellellA] ¢ =9 % Abole] B Y] fleilM wkEelRl el 2014
ol At ofgldolgl= 7L, Rdo] 54 dolE Z=sidle Wl 1 &3 el 7 o
2 tolso] kg dHattention) & FUEA! 7] Slal] At WRolek2h) Z¥ gholl
FFe F ARE Y3 Tolo s dolwkEe] ofdlA WE](Attention Vector) 2 %83}

ek, ERAET = of ofdld WERES ARESte] REE TEAlelY. (™ 2))

=

1
B

(2) ERXZHY] T2 EA

QOutput
Probabilities

Feed
Forward

Add & Norm
ey Multi-Head
Feed Attention
Forward Nx
| [[Add & Norm =
Add & Norm ‘Masked
Multi-Head Multi-Head
Attention Attention
A ) A )
. —/
Positional @_( Positional
Encoding Encoding
Input Output
Embedding Embedding
Inputs Outputs
(shifted right)
(az 222

B3] Hol= (Od¥ 2)9 EdNAYY Fxe=, I/ F HREoER UE 4t 4F
ol Eof7k= QlEd(Encoder) F-23}, &8 Fho] Y tlFH(Decoder) F-olc), 4
Al DA QlFE FES 2|2 W] F7F Aol BdEh=, S tho] guld 2S 13y

SR o), Wil Tlscli wlE 1k o] EAlshs e e hAl Aol &

v

20) Ashish Vaswani et, al,, “Attention Is All You Need’, 31st Conference on Neural Information
Processing Systems (NIPS 2017), Long Beach, CA, USA, 2017.

21) Dzmitry Bahdanau et. al., “Neural Machine Translation by Jointly Learning to Align and Translate”,
arXiv: 1409.0473 [cs.CLl, 2014,

22) “Attention Is All You Need” (2017)¢] Figure 1.
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i elojzwe #8st 2l olels Jwol sEn My 17

Progression of GPT Models on the MBE

Av Prdﬁ? MEE
Fassing Ringe

Correct Rate

GET-1.5 ChatGET GPT-4 Student Avg.
NCEE BarNow)

. GPT<=35 GPT4 BN NCRE

(ag 3)29)

HEANE BAE 289 Wk 1BAse] WERe} S8 o ddojmde] g
A 22 S8 TzAc e} Bl & itk A, ARl W4E Fa A A
ARSIt M7} FFsslths FolA ofrlrh Itk W] B RS dojRu(E
oA GPT-3.59) GPT-)0] 5 WA, 58] Alld A thal ol Awe] A

A1, ZEZH(Prompting) WHES A83te] AFstarat 3hct. 30

FF
¢

2. ofolt]o]

dolmele] A5-g WAl 71 TEA WS mdel FRE 19, o B
HolHE A7l Zoleh MEAE A thtE dolRAME 54 Rolel 3
& slolmdlz W] $J8l, g wlelo] S5k 7b ok wlolelE AMgSte] Abdehe
H lojwle] npl WS ulo=ale nHEAFine-uning) o} Y] BEH Sl
37 OpenAlolif= GPT-el tlet AW wAlzge Ags) e glovk, nAzg e
%3 S GPT-3.57F 54 wvlelel dshl GPT-nth o Hold A5g Hollw

29) Daniel Martin Katz et, al., “GPT-4 Passes the Bar Exam”, 2023,

30 A ARE @ T ABATRE B AT LEETE AEstel GPT-ie) FE % =% 5
& Tle] g e o vbadn) - ubIR - R, Rl GPT4 B FPsAln ARpE
ANBAEET) SR, TAAtAle Wy A16A A1E, 20030] e} vyt LEETE 24 wikl=g 24
Aoz sl fIsk ‘ﬁ?i}x*—rtﬁ‘i}% Yol "ast 71E2He F258s SA3] Sl gl A

oAl o] AFtelr] AR oz 3§ sk HIAMETE b7t ek o] Felx] s HIAMAES A
A gPdez o] el ApEAe] sk



18w 7|9 o7 M13A HI3S(2023)

Aoy, aeh) slob e MSS el st dolge 4 ARE A9e Haw o
w, vojgh ules} Akl Erie EAldol gl

ou S™-EO}
xé'n'_' Jél Data q,a_

Pre-trained Fine-tuning

LCIT Large Language Model (weight

(ex. GPT4)

Input

a8 4

g, SR BkE glolm Qdojmde] HH o] AFEs AT
S AR T=2ZE IAYol#H(Prompt Engineering), & ZEZE9] g Xo] 7]%]
I Qlrh ZEZEE TRk FHE Fold vk Fibk(Few-shot) ZFEHEE o o
Al R 71A] A S AAfshE wHolH, A *}E(Chain-of-thought, CoT) ZFxE

H
AT AAsRs Ty Wholuh 3 FA|HoRE A4 Folo Bag = HAE Al
PR gAJste] Aol mel wAE EE fishs WA olfoiint Ut 2
RAURE, wolr} 2 B FAIUTS CoT WAe] ZF=Ho] Ao Pl

[e}Ne]

B drdde ZEZe dAYo"E S, onl EAehs Odoi‘i%l( Oﬂ:rlfﬂl*i“

(1) ‘€14 vl TEXE' A7

Aol Az WA SAlal elel B0lE mEEEsE PGS de)
A7} et AR A “Lers think step by step’ ¥ 22 HHOE AAlSl= HHolL,
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35) Precision : A¥FE &= ERHERlY] E3HE H|E Recall @ BHER F At ¥3tH v)e

36) VAR Bl 13l AEbA ghe geloR LN A49), 2048, e, 434 Swd
A AZA) SARE axel Tl wet A5 Fo)), SUME 847} 235, AAASE Ho} A
A Aerte] w9 R gl AR 2ARE )



22 o 7| A7 HM133 R|3E(2023)

) Ag A3

4 WA 2RI glo] KIS sk Buke (HElS ShEE @ UFe
CROPLY Wt Brbs)el wske Wt W4 7158 o W, ZEIRe B6 W

& ke A of= A% frelvid gl dopd 4 sk

(# 3)
o E HIA|

- —B8—— o™ Human Human

HESFE | F1 score -

DEOoE Output Precision Preference
APEASE e APIEA| 0.575 0.893 0.770
N AL+ AL A
AA=E el z]}f‘ ] A= 0.288 0.547 0.510
=2

AR+ARSAA+ A : .
A2 Az 2oy 0.261 0.251 0.345

2 viRlE T Ao ta A9E 1A HAe WAA(E 3)). 2 9
& o] Aelat seillel MEFE TAE Uehith 192 FmshA e APt Foig
g ), Fo ARIWAE FESE FAN] FF B A5 B RS & 5 ek ok

GPT7F AuFHo R e Hol= Aote] 2ok} fARE Alo]] Wi ¥4 gt 1

_L4

ol wiaf 2349 (A =ZE DAlloM= d27E 7kellM ol WD 10 F)9l =

b AR e VIFdI0IAL, 33| AEEE HlleMe 7P B HerE d2 e

ol ¢ Tk WAEE WIS (FESE Wik g5 WE AN s A

2ol 49g 22w Ael2 2g3ke] Folujok ke Talol] whel Ao R
(H 4)37)

)
AE T} ¢l 312WA EXE ARt I3, BE 9A] =7} A5¢] 313MA] EXE ARabEs

37) (F He (& 3yoX AAEZE @A Ao AMgd ZEZES) GPTe @ clAlolth. KHIg e
Hete] [FRAMIFANS AAska, Fiol thal Fel] 9x ojudt WEZ Qo] AEE oo} 31=A]

AT AL Tl



T2 loj2S &5 2/ olel= Jidte| sigint Mat 23

I APl HAEE =3l o]2 ARgsle] ghed], 31284 EX9) 313WR] BExle ME SRk 9l
th, 2¥d] AR =719l 312817 EXE g2 Felstoled, viviAleRe: Adshs #gellx v
EXES 31397 EX|9] Ao ZAElaL, ol 7Iste] 31397 X0 #ste] Aol Afo]
A7Vt AREQL}. O Folle Ax 31284 EAE AlE A, ARESte] S, 313HA] EXE A
fabd B7F 313917 EXAE I7IRRE uigshs 3ok § Abdo] BreiAal, AT 94 ojafel]
ARLE G =it

T8 AR WA

. 31291, 313WA] EARE F7kafrolt,

AE 312914, BE 313 WA EAE RSk Qo

AE 31291 EXE Z7122E wigs)

A% 7R 2R 31304 EAE ARk el virhsaE S,
3139 EXd] B3] A Helz A8Ho)ASI) ArEH)

R AT S S

(2] 9] 5ol 312314 Aol thafr] wjufA| ko] AJHsl=7}?
olell tht TS slrislel HEsokd MEA Aol F3llA] Iheds] 2geirle.

GPTO| MH=ZF EtH OflA|

(k) vheiAlee] dRistA] ekt

RE]

vhE A A1) oo we e Al o gt -
A7} 312907 4] AR R ot ¢ o gAY -
B) B3E ¢ldh AR B 97 - g -

(# 5)

AMB=E F1 score Human Precision Human
(Z2tole 7H4) Preference
GPT (20B) 0.575 0.893 0.770

T5-base (0.22B) 0.558 0.552 0.295

F7HE0 2 TShase Awdhy wddle] KATAAIFE WA A5S vnEti(&

5)).3 EZe] FAEE 7102 & 299 FI scorer ‘B4 pRRIE ZREIE'S A 45

GPT3.5-turbo R&lF} "HEAAY 7ISEAR Asly & IeE T5-base BlollM 4
Zpol7} =A] ket Ty 3, 4] HEvt e Farskd 1 Aot FEAE A

BR1E % 9otk o Tobase Bdlo] GJE WE ARl BASE wEAo R s

38) Ts-base BHllo] A v, 48 =& A9 23} 04 KPS F7F 780l sk, ARddAFE
Al ek et



24 o 7| A7 133 R|3E(2023)

(D) AH =24

OpenAl®] GPT-4 REg AMEaIYITE GPT-4E 32768EES §JEHks 4 glal, o=
GPT-3.59] vl 8ull Z7}E Aotk GPT4E 1T o)e] FehgE zh= How Uiz
o, A Jiee INEA Rttt GPT3.5wurbos HE ARS B3 ZEIES

Agalrle Fojuie 292 ZeauA Ead.

2) 23 4

ZEEed 9ol ZeEeel ge 9ol gue magelt nask

() Ag A3

(& 6)

HSAAIR Al 2H

AE 2016, 1. 1. APZF 9F 59 ¢ Ao 1 Afol XEAE BolA viwsyz sFEA Ak 53
A& Ak o, T 29 P& 2006, 3. 1. T 29 5HT L& 2006, 5. 1.9 7 AFREE, F
FE AT B 9 BErke Qlwste] Fu, AFS AFEeH FAl ¢ FEatel] A4
CATHEES7] 2 dFeV] 58 BF TS optdl Fho] Qi ehddl AdlelM e afol
5718 Assty 3712 et

ool B AdlA] Aok sHW U7t FwEF 29 9L 7 AFV|Yel BF AFAAL AL FEFE
AFEE FA ¢ FEake BolAl clesiich Hd ¢ Rkl AAH SAGEAASTIIE
AAH o] 6o o= ofu] Rike] yidlg Hold i, FTEAE 39 Yo = UFS
7] & 3 Arde] ler AE ¢ S715S w2 vk AHo] gie Asto|ith AZF ¢ 2A
FEEAGT] © UFEVNE DATIA R ABelM AeAF7IYe] =kl BE e AFs)
A I ol AFEA F2 A Al § BT BB EE5, A7 AFo) Qlo] o 55
& DA Ao otk wER) 2016, 6. 10, 9] HEiAIES: siAlstATE. (HHE] B FF o]
& g olge] AT AITh

ZE : B AQ| O[AXIMIE 0|RZ AltS SHHE - USTP?

=y




2 Plolome st 2l olels Jwol HEw My 25

2]

IIE
B—

A el AT FAlAG Sl AS el Awe] oyl wekslieke A
e olslalgol 9lg MRS 1 ARE oldlalA] sl olalAe] Aele AR eh= Rolek”

WEAAE YA ARE EAARARE QEs o), TET e fgE HeE
= HE dEdFAY ((F 6)E Fushd Al siae 93 W
dxe] FAlolFAA el de Fud F s, TEZER 3 Ao dFe oY
aFotar, 1ol wet GPT-49] Hie] gEixl A gkld & Sl

2016, 5. 1. oJ7P} EEtSE A afdoldErItE Ao, old 5Hgk Aol
e g AIARE Qkar & Zodh Yyt A= EA]O]?SW‘?E?J% Zka, Be] o) E= o|AE
o] §I= 3h A7} o&7ol olfS sAl WrlEke WAl Ytk wlehAd AE o]AA] Ae AR
21, B A8 o|BAAE olfE vimjAIS AT 4 itk

mEne ol 90| GPTA7} AlAISH Er
Ask B ololl WK 5 714 Z8 FRol et 1 F S Ak 438 AFUE §
A]oﬂ o] H4E ATVIATY) L GRE B s, 9 2ATlelaElE

B8} Fiths ZA,
:aM AE ol oR8 olaskA EagEUh wel o] 4$, At oldxIA Aol i)

al % f‘r AFUTh = AL Ak oFE ollshA] gigtong, ofFAA Y wE AYS A7l

e,

Alo] AlgRt il foll mam, gRAkl G5e] o7t FAl old=olo she 4741011
& ), 3 He] offold YIgte] mefsiriele Adhe] ofF olf Algol IS w1 ofFE
oA ol o]FAA| ] AYE A|A| ed=riar ok

o] ARFelr ASt B Ato]o] Aok BEAIkOE & ¢ JFUT Aok w2 BE g A&}
I AE AEAET Sl FEted] AAE SAFALAATY] 9 SRSl S B gashal ¢
g fdolds7IE Ausiol FUh o= & o W] oAl T wivkA] ARl ofrE
olFYstA] k&  JES vt

wetr] o] FHE WO T & W), Ax o] Ao o FAAA k] wiEdl, A= §7]e] wa
£ oldstA Gok= oA AP AA S F YFUR A7t T8 wABA ZahAlul, o

= B AR AFe g AT WAE Zelug, o] A% AE oPAA AL A =
Aoz neuth




26 o 7[R o7 M13H H[3%(2023)

wulskelo] w2 ash Bel ATE FAClARA UL, webd Bel olAAEl 8
A oAl olBAAANE AX) i Aee Ul g, gz e glo] GPT4
7} A el mEm FAClARAE DefsA e A olAAALS A Ao A
£2 UEn g ol WE folzAlel SN E whag vt AR ‘olso] Rold
Aoz sfotsla, g ol dgithe Aol $HS £ welo BauEr Jeh [x
BEES Qe GPT AT Tl mEw, Fold BelE Skom ARl Folxl
Aleke] Aokl £531aL, Bel FFATFe] olFolAA] ke He Aes AHav] 5

Rol@uAel et At ol@AA ke A4 eherke 2ES teln JO(E 7)

N

B Ae 3d oY Fake REEetd S940l SAleks HEAL Al S 7]
7k S8l ol FolA Al Bk
= =55 Sdo] ok e vt dolmEl GPT-3.59F GPT-49] AR#A Q0%
ge HE ol E Hold Aes Btk 2gjar (AF1) T5-base RdFo] HlwE 5
A= TR dojrdlel] Hdgl ZEIES
AR gshs A HY 28l8] U Aos BY % d5S IRlskith ) ok, AR
AFZE 015 A 9 28 vF MR 25 Jor) volAn, HEH dE4s 2
8= 3= FE WdXE s 53 Holal Stk AREA Sl Aol HAIA
°oF seuA| 2 Aeddle =S dEd] A1, =S duekA Gtrizke e
& A5 WFA ks 297 Btk Gl 7IWke] GPTl| gk=ro] 7Iwke] RiE, Al
7} BSab] wigoR BAEnh o= % ddelM o] &8-S S ] WS
Eol= Ao Fasiths Waoln, dukelel g FHE HE APt HE dsATS
Os 2 288 F drks ovjojtk
F7H R WHERoRs AWl o] Al D] WE8ol o dud 2ol a7y
B2, AEgolel dvkgole] 8 A, EARHA o= WEold #elE <l8ske &4

oz APHRoM, 1 B} oA Hdd WE

i & B

2
o
ol
ﬂF
>.\1
o
Ji
rlo
=
T
lo,
Q,
2
d
e,
O

o

39) @=o] Tsbase Rle] F7k2 Sh(fine-tuning) 71 HlOJE7}F S %xﬂa} Eﬂé‘aﬁ 700476l &
Za) wl- A A AA| Ts-base Bdlo] A% Aslke] s71A] QQlolt) o= E4 wudlel| 3t dlo]
B Sl Ao R i) SAolel, Sel HEEoRs Ay Eash 23E) )
o, Fde| sgulolHE HHsh= d ofiEol ot WEtlelH S FAlE FF EHae] AL I
AN 71% dHoz sdsfol & spg Fag FEo2 MziEL)



T2 loj2s &5 2/ olel= Jidte| sign Mat 27

A (Hallucination) ‘50| €} Zofol] v|3l ©ie] 2=4ss Az Aaligt 4= St o
£ B9, HESOIZA AT DALMY ZZHRI NG BA 5= WA
ofm7t th27] wiiol], 2 ARl A% Istolof gtk deht AGE HHE ol &
sto] ARSERAL il HEDNF derie Hie] AreAl s 971 o & 744
8403 ks bl QIdT) o= A7t %7 WH1e] Human preference 78 3 =

et Aee =Eshe Avgold, gl 248 eRfE AlAshs A A $8%

WOl Uk Qlojrdle] B84L JIhshE S gl ek
ot dlolwale 54 2okl 23] Sl A APAEAPrewin)3AL, F71et
#(fine wning)BHE Hole F88 Sterlolel #4, 2 #EY i Hu, vig 3
T 5 WA BAVL EAEC 53 WERel vlolels AR BAls adse]
ol e ofeigol k. eit gy e FAA JledoRs e dlow
de) WE B P5g o= A AL 5 e SIS (HFDY Lol 2
MlolE EEaE e Fo) WM FE PR ARES olm, Bl (2¥2s) Lol

e g Y g did delE ZEEEde s AR ey glole A

AAAel HE et 3 gEdHE 3 Ve
(Generative ADS =%ishe 212 B7193E FAlRtaL def
Al (MarketResearch,Biz)¥= 2032704 A8 <laAs3t #dd HE A 1o <
675.19 2EE "ol Zo= odeialar, 2023358 203237040 AT APIEE
°] 30.7%°] & Aow st

ARBE ARdEAl WA AT RS BT T e Ad] e Al
TRIEES HIRE HE JeAee AlTd HIMEA HEGF a8t 7]ofs})

B APge) ARSI H1gS 15 A Snle) APHESHS AT 5 e Selch

E Aol BEE A



28  #Ho 7| A7 133 R|3E(2023)

1 Wzt JTEsd S
(1) 8% 2 Bl A

a=shE WHE QFAlsS Ao A 7leE ARgste] 7] A Al=E o Hlske]
gk HE golet /ES o & olalietal, ¥ HEE wEA G 4 Sk o7,
HSAPE “Alke] afA el thek WEFel AElE ANk, HE ATAT Aok
Aehs TRt ofuel Ak SiA7, Aloke] uprT"e}k o] fAlgh 5 25
A7 97 ekl 1 Ads HAolete] d fom AET 4 glonw
SARE BEo w2y Fge] ek ARE Zot O gFE Y 5 U Hok

AR F< ZolE(Thomson Reuters)olX] Al gsh= HEANAIZE] 5 Westlaw Edge,
Westlaw Precision 1345 7|WhoR sho] 7]&e] A o] o R F3
oy WEe delFe ARISE AlwskaL ok

&g FHZole "AE S ol om|A9 4 - A - o] 7Fed thiti o]
ndo] ZA|EHA HE|EE (Muli-Modal) Q1FA5o] Hx}F 7MAEE ek HE QFX
sol ol2fgt WFer wHErhd, WaAlel 1A Afo] 4 HolHE Vte R fd WE
T ARl AR B F T HEWITY] d49] S1E T8 dEE

s g2E SN} o] WA AHS EESla B FRES &SI AT A

I

[o}

i

R

ol
i

AN

ol
f
i
fllo
oY,
1=

AEAFE o1§F i) Ak AEr} BaF WEMWL, WEHolw Pl
A RE Be] g oln] F83tum glont, WAle Ak FE A4S FgHez
nzshe] Aoplo] BrEoz FAEolol she 23] EgEo] QA ofFE BESA
71 AleRHsh g Sl Mg she Fo JFse Ade] Ae Rae YRl oF
o) Aol Wt ke mlelel 45 B89 Aow dpdEc o

Yol B ¢k B sk 24 veleg dhAle HE QFAE e Foll Al
A WE BAS TANAL o} 71E WA AP WrE =T FUS R
S48 Aok el AW ot BARolel fel o B BESAL AR

]_

Yok AuE vigo ) BEse A D] Slske] Wad WEAlel xoke

o
h)
12

=
(o2
)

it

40) AT 9] 8, Teldea =4 2 dhs-S 3 TR A7, 22-B16, ITIARTAI AT, 2022,
52-53.



=

T2 loj2S &5 2/ olel= Jidte| sign Mat 29

el A g K5 e Aoleh, olo] $to] WEAPY Shbe] ol} itk S e
EARRT, oleid WE ABAT] B ol oldEANE 1 HES FAska WY
2 sk Aol Basi,

2. AP AY(Judicial Support)

§ ABATE el A5 vARA Shssel AR st

e
A4e Bxshn AT 5 e R0 JHE T PIe UE AFAFol o] 4

D}Eﬂ, AR} ZA W] R QEAsol Sashl Ha Weke Hth Bite

IR ARIE, QR Rl =2l ARy k] Lad deise] Ug PEY
% QA B3, ol Apgie] Alg Aol BAlo] S 5 ApRel ek Al Aol 7]e]
g ol

[¢]
o 82 & oL AAZI. AR ME e AlsS old 28 AUAE AT
I 2pEe] FA|, AR A7z 718 Wl o3t Alde we de 5 &ElE, WA
EAZE S =] ook Fitt.

3. 221 RASZODR) Y T ¢ AMEAIE Alx

A o] BAY3A(Alternative Dispute Resolution, “ADR™)o|&F A%S Z-231= H-AY3



30 #Ho ol A7 133 R|3E(2023)

AAweA stell, 24, TA Sol Aok LFel o3k EA AL Fet AREE Hlgo]
Fsre Bol s el BARES
of FAIHQL ofaAAIS} rtE WHdsly] ot SIS VAR, ADRO| tijte®
Rk ik, gk, ARV vleleiag Qlal] o] HAEHIL Ajsto] AVEE el A
HebHA] Zb52 ADRO| 3 Y = RS 2PN Falshks 2249l A A
(Online Dispute Resolution, “ODR’)4Dg fsl#al 521 et 42)

AIAH ODR A28l ofx= QIxto] Al A7 oy FeA9] A8k dkal 5
= S0l EIARE AlAIt) ODR Alz=dlollA] AFHE R H2S 8ol ok =
T Yot AlE - Ak 1 - BAHo] Thsdk GAel o]2Ha), IFAE Ve
ODR®] WS o|l11= 8% aadta & F ok A ZrkE0] Qe ales &8
o R Aok HE ZEAx 7153t SRS A3 S, golE figt Al A Vs
5= &3 ODRS Hr} Al&siA| z1s = Q7] whzoleh, o] A78Alel 7]ofght=
ADR H== ODRO| FHAIE @/gskar =rle] Apxdae] AAste) ompAld Zeld. o]
% QEAso] ODRE| Wz 8730 m|Al= 3RS 53] LAl FA vekd A
o= 7|,

AN, et BElgjA] A-8|oNBritish Columbia) F+¢] WAL ZAHA(Civil Resolution
Tribunal, “CRT")> ODR WIAUFE =Yd H=xo v HASR, 2552 ol
5,0007iuct D2 (oF 4907 ) mIwkQl Aoiabd Bl FeEl I 24 55 = g
t} 4 CRI7} S8ah= Q3As &7 F shls 24 XWX o]fE= ‘the
Solution Explorer” 2 Q1845 7|9k} 7} Alz=glo]
ARgo] CRTOl 24E Aeh= il HE 4 Sl tiAIAQl 2 WREES Shligit. =
& A gARRe] 9 At Aol 94 9 Sheete] 214 FRkke &S
AL A Y= G g]E&L AR83E “Smartsettle ONE”o]2= Ol o,

BN Ase] w2, 2023 119 ¢ DRF CRTE 55719] 8 Afd 24, 327719) &
HARA, 49718] AbsAl /AR /AL ] A, 571] 7TE ARIE FAsESle 0

b
i
2
B
ofy
¢
X
)
o
M
o,
tlo
L
Y
Lo
il

41) £59, Feael ZASZODRIe et T4 77 2 A1) -ODRe|l B wx 79 FF B4y, |
AHA AT, F=HAATY, 2011, 239,

42) 9T, AFASS BEe AR sde) ek 1E, Thshy, Ale4T, 2022.5., 4019,

43) Davide Carneiroa et, al., “Online Dispute Resolution : an artificial intelligence perspective”, Artificial
Intelligence Review, vol.41, 2014, pp.214-215.

44) 74T, kel =i, 4049,

45) Civil Resolution Tribunal, Available at: https://civilresolutionbc, ca



T2 floj2ls &5t 2/ olel= JHeol sign Mat 31

w5, 20234 19 AR, CRTol WK B4 GAGES] MRS 2 Agho]

si06] oI} ke A RIS B 24 3422 FAacka Seich )
SlErio} Egh 2O QFASS ofo] BRI Yvl, 700042 (F 9505

) vjske] 2ol SRk RE| $hs] S AFAS B AxHo] ARE

g JEE Stk 2% PAREC] dR=s 55 HHE ODRO| B8 et
olz&=t, AFAE Al=glof oJgt dehe WA &S VIR Ha, olof dH A
kS Q17 o] Fdsitt 48) 20231 9Yolli= UE AH =3k ADRS 22lelsksly] 9t

V. 28

7lee] ZHE QI3 Ade] JEAle oldEY o He Eoelld, B udet 2AE
<, U 2 H8oE g5 < U ERl7I0l, ARdo] e Als Rl HE Al 7
S 7HE ZoR o ARdo] lEAT] HHAE AuEd, 27 <8
4 s} ZT OpenAl®] ChatGPTe] s A=S ARd  glokh
AEATE HHE ¥ WE 2AE A& aoksial E4E & S #Wk ohe,
FARE BElES wold Aefehs dHolke =58 £ 5 3t of2E e Al T
HEAREo] WHEAo]aL AR AR AQ] AYde Agfshs U kes € F oEE, HES
So] Hrp 71 gl 2ol A F des =okE Aew diEnh
53] B =M 233 A" WA FEeEs 7K, 5 gd vikl=rt @A

Al do] 83T, HE AeAle] AR Welet 85rt 27 S7HE Zles 4

v
e
(E

(il

it}
(]
of

p =2ETQ : 2023.11.29, =2AIAI 1 2023.12.11, AKMEAEY @ 2023.12.27.

46) CRT Key Statistics, November, 2023. Available at:
https://civilresolutionbe, ca/blog/crt-key-statistics-november-2023/

47) Participant Satisfaction Survey, November, 2023, Available at:
https://civilresolutionbe, ca/blog/participant-satisfaction-survey-november-2023/

48) AN, TARHEAL B APEARzA QIFANE Vg B9 8-S 28 AE AT, AP AT
oI 2021-10, 2021, 71,



32 o 7| A7 133 R|3E(2023)

1&024

(FHES)

AT 9 8, Tedela =9 2 oSS Y3k AR ATy, 22-B-16, SmIAPHEA A
T4, 2022,

AAL, Felgalsel A, Iz thA] B}y, Folo}, 2018,

Paraye)

&9, 2Rl A ZODRI] #gt 54| 7PH 2 1) -ODReY| s =A| 1 53
BT, Mal A A7y Al AT 91116141, 2011

2RolE Al IE wH] A, 74 o, A duld HIAARI A1, Ao,
2016,

A, TAPEEAE 9 APHAE 20N 1B ARE Vel =Y 2 8-S S FY AT, A
HAMATLL] ATLEA] 2021-10, 2021

Ashley, Kevin D., Q8} - A9 - 25 9, "HE BM3k= A3 A%, 29AL, 2020,

Schauer, Frederick, 771%- o, "iE7AY Aol ¥ 93 32 4, =45 Z,

2019.

AT, Q1A F83 VAR o) Bk mA, Totelisly ) 64T, 2022.5,

ukAdn] - ukz]e] - okgnl “HEG oM GPT4 & 7FsAlT ARP-HEHAIAR(LEED) F
Ao’ TAATAIE Wy A6d A1Z, 2003,

As|A - ARIF - ARl - kA - FEg, AR difte o] mds S8gh WERer g
nRole & WHE", TR sls] skl 2023(6):316-318, 2023,

EHelER)

Ashley, Kevin D., Artificial Intelligence and Legal Analytics: New Tools for Law Practice
in the Digital Age, Cambridge, 2017,

Brozek, Bartosz, The Legal Mind: A New Introduction to Legal Epistemology, Cambridge
University Press, 2020,

Schauer, Frederick, Thinking Like a Lawyer: A New Introduction to Legal Reasoning,
Harvard University Press, 2009,

Althammer, Sophia, Sebastian Hofstédtter, Mete Sertkan, Suzan Verberne, Allan Hanbury,
“PARM:- A Paragraph Aggregation Retrieval Model for Dense Document-to-
Document Retrieval”, arXiv: 2201,01614 [cs.IR], 2022,

Bahdanau, Dzmitry et, al,, “Neural Machine Translation by Jointly Learning to Align and
Translate”, arXiv: 1409,0473 [cs.CLl, 2014,

Bengio, Yoshua et, al,, “Learning Long-Term Dependencies with Gradient Descent is

Difficult”, IEEE Transactions on Neural Networks, Volume: 5, Issue: 2, 1994,



WS 83 2l olols Jlgel HEW FY 33

2 ¢lofm!

Carneiroa, Davide et, al., “Online Dispute Resolution: an artificial intelligence perspective”,
Devlin, Jacob et, al., “BERT: Pre-training of Deep Bidirectional Transformers for Language

Artificial Intelligence Review, vol.41, 2014
Feng, Yi, Chuanyi Li, Vincent Ng, “Legal Judgment Prediction via Event Extraction with

Understanding”, arXiv: 1810,04805 [cs.CL], 2019,
Constraints”, Proceedings of the 60th Annual Meeting of the Association for

Computational Linguistics (Volume 1: Long Papers), pp. 648-664, Dublin, Ireland,

Association for Computational Linguistics, 2022,
Fuller, L, L., “The Legal Mind”, The Atlantic, 1933,
Hochreiter, Sepp et, al., “long short-term memory”, Neural Computation 9(8):1735-1780,

HOPFIELD, J. J., “Neural networks and physical systems with emergent collective

1997.

computational abilities”, Proc,NatLAcad,Sci, USA, Vol,79,pp.2554-2558, 1982,
Katz, Daniel Martin and Bommarito, Michael James and Gao, Shang and Arredondo,

Pablo, “GPT-4 Passes the Bar Exam’, 2023,
Available at SSRN: https://sstn,com/abstract=4389233
Kojima, Takeshi et al, “large language Models are Zero-Shot Reasoners’, arXiv:

2205.11916 [cs.CLI, 2022,
Louis, Antoine and Gerasimos Spanakis, “A Statutory Article Retrieval Dataset in French’,

arXiv: 2108,11792 [cs.CL), 2021,
Ma, Yixiao Ai, Qingyao Wu, Yueyue Shao, Yungiu Liu, Yiqun Zhang, Min Ma, Shaoping,
“Incorporating  Retrieval Information into the Truncation of Ranking Lists for
Better Legal Search”, SIGIR '22: Proceedings of the 45th International ACM SIGIR

Conference on Research and Development in Information Retrieval, 2022,

MCCULLOCH, WARREN S, AND WALTER PITTS, “A Logical Calculus of Ideas Immanent
in Nervous Activity”, Synthese 162(2):235-250, 1943.
Mikolov, Tomas et, al., “Efficient Estimation of Word Representations in Vector Space”,
arXiv: 1301.3781 [cs.CLl, 2013,
Raffel, Colin et, Al, “Exploring the Limits of Transfer Learning with a Unified Text-to-Text
Transformer”, arXiv:1910,10683 [cs.LGl, 2019,
Radford, Alec et, al,, “Improving Language Understanding by Generative Pre-Training’,
2018, Available at: https://www,mikecaptain, com/resources/pdf/GPT-1. pdf

Rosenblatt, F., “The perceptron: A probabilisic model for information storage and
organization in the brain”, Psychological Review, 65(6), 386-408, 1958,

Turing, A. M., “Computational Machinery and Intelligence”, Mind, Volume LIX, Issue 2306,



34  #Ho 7| A7 133 R|3E(2023)

1950.

Vaswani, Ashish et al., “Attention Is All You Need’, 31st Conference on Neural
Information Processing Systems (NIPS 2017), Long Beach, CA, USA, 2017,

Wei, Jason et, al,, “Chain of Thought Prompting Elicits Reasoning in lLarge Language
Models”,  Advances in  Neural Information Processing  Systems 35,
2022, arXiv:2201,11903 [cs.CLl. 36th Conference on Neural Information Processing
Systems, NeurIPS, 2022,

Zhong, Haoxi, Zhipeng Guo, Cunchao Tu, Chaojun Xiao, Zhiyuan Liu, Maosong Sun,
“Legal Judgment Prediction via Topological Learning”, Proceedings of the 2018
Conference on Empirical Methods in Natural Language Processing, pp. 3540-3549,

Brussels, Belgium, Association for Computational Linguistics, 2018,



e oS &3t 2|A olel= JHete| sign Mak 35
I Abstract

Current Status and Prospects of Legal Mind
Development using Large Language Models

Kyeong, Kiryong - Lee, Sang Yeob - Kim, Soyeon -
In, Kyongseok - Ji, WonSeok* - Hong, Dae Sik™*

This paper presents an assessment and outlook on whether large-scale language
models can possess Legal Mind, the capability to solve attomey exam questions,
Initially, it introduces the developmental history of natural language artificial intelligence
models, traversing from Recurrent Neural Networks (RNNs) to Word to Vector
techniques for Embedding, and the application of the Transformer architecture in BERT
(Bidirectional ~ Encoder =~ Representations from Transformers), It delineates the
developmental trajectory of large-scale language models like ChatGPT with 175 billion
parameters and elucidates the recent focus on the utilization of natural language Al
models in the legal domain,

Subsequently, it demonstrates the incremental formation of Legal Mind within
ChatGPT without the need for new learning processes by inputting South Korean civil
law provisions and Supreme Court precedents into the ChatGPT Prompter,

Finally, it outlines the developmental prospects of legal Al services and discusses the
impact of integrating Legal Mind into large-scale language models on the legal market.
Research aimed at instilling Legal Mind within large-scale language models is expected
to bring innovative changes to the legal market, and this paper proposes future

changes in the legal market in line with technological advancements,

® Key Words Large Language Model, Legal Mind, Legal Al Service, Legal Tech
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